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1 - Uncertainty

2 - Object to Image (ITO) Camera Placement

3 - Image to Object (OTI) Camera Placement

4 - Constrained Multi-Objective Evolutionary Algorithms

5 - Pareto Front

6 - Pareto Optimality

7 - Pareto optimal set (set of non-dominated solutions)

8 - Dominated solution set

9 - Dummy Fitness

10 - Multi-Objective Evolutionary Algorithms (MOEAs)

11 - Non-dominated solutions

12 - Sharing technique (or Niche method)

13 -Elitism

14 - Cuboid

15 - Crowding distance
16 - Non-domination rank




